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This project explores how fringe far-right “tech right”
politics bleed into more mainstream online spaces. |
built custom data pipelines to crawl the Twitter network
outward from a core set of reactionary accounts,
ending up with a mapped follower graph of 4.2 million
users and 10.7 million follower links.

Using Python and the Memgraph graph database, |
implemented a network-compression method to shrink
the raw network into a smaller, version that maintained
the underlying structure. This compressed view made it
possible to identify key communities, map how they
connect, and layer on interaction data (retweets,
mentions and other activity) to see how they boost
each other’s messages in practice.

The results highlighted two crucial “bridging”
communities—radical Catholic traditionalists and
heterodox intellectuals often linked to the “Intellectual
Dark Web” —that help knit together tech startup circles,
cryptocurrency enthusiasts, white supremacists and
mainstream American conservatism.

A paper detailing the work is currently under review at
UC Berkley.

Text Mining | Graph Databases | Social Network Analysis

368: American Conservatism
268: Intellectual Dark Web
276: Cryptocurrency

273: RadCaths/Rad-Trads
215: White Supremacists
200: Founders

112: Manosphere

231: Libertarians

9: Peripheral
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Communicating the compression process

Step N Users Added Stage
0 10 | Root
1 110,962 | Immediate Ego-Network
2 942,144 | Adjacent Communities
3 3,235,149 | Distant Communities
Total 4,288,265
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Human interpretable analysis

Network Overview Community Connections
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Package Development Squashy: Graph Compression package

from squashy import KCoreldentifier, GraphAgglomerator
from mini_memgraph import Memgraph

database = Memgraph()

core_identifier = KCoreldentifier(database, 'USER', 'FOLLOWS', core_label='CORE")
core_identifier.identify_core_nodes()

agglomerator = GraphAgglomerator(database, 'USER', 'FOLLOWS', core_label='CORE', weight='weight"')

agglomerator.set_hop_range(min_hops=1, max_hops=3)
agglomerator.agglomerate()

17  squashed_graph = agglomerator.get_core_graph()

Public facing version still in early development

github.com/Minyall/squashy



https://github.com/Minyall/squashy
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YouTube
Th e m e Sca n n e r 0_Liberal_Response_Live_Host

The Project Type: Citapic

The role of Al videos in disinformation and
propaganda is growing rapidly.

This project investigates a sudden wave of N4 Ly . Al
Al-generated “story” videos on YouTube that
dramatise the lives of political figures and
celebrities, with a focus on personalities
close to the Trump administration and the
American right. These short narratives
typically cast their central figure as calm,
rational and compassionate, set against an ‘= Topic Stats:
emotional or unreasonable opponent,

0_liberal_response_live_host

] . ) topic_label n_videos total_views median_views total_likes
Cre_a_tlng hlghly ﬂatterlng and Shareable 0_Liberal_Response_Live_Host 108 3.60293e+06 9235 74632
political myths.

The analysis covers 931 videos across 192 2 Top Terms

channels that all use identical disclaimer text,
pointing to a coordinated or template-driven
production pipeline. Using large language
models for context-aware entity recognition = Proportion Table v
alongside word-embedding-based topic

Liberal, Response, Live, Host, Trump, Mocks, Destroys, Speechless, Tv, Stuns

. . . people n_videos topic % person% Ranking
mOde.IIIng’ the prOJeCt. mapS .recurr.lng Barron Trump 62 50.8197 29.9517 1
storylines, emotional framing and ideological Velonia Trums 33 | 270002 | 217722 ,
themes across this emerging genre of o ek 8 | 127621 | 129496 s
Synthetlc p0||t|Ca| medla' Sylvester Stallone 7| 5.7377 70 4

Text Mining | Human-in-the Loop © Summary >

Analysis | Web Scraping
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The Project

« Each entity in the project including videos,
channels and named public figures has a highly
linked page in the project output.

+ Auto generated topic summaries allow swift
parsing of topics for human interpreters.

® Summary v

The main overall theme is "Celebrity/Public Figure Triumphs Over Perceived
Liberal/Media Adversity."

This theme focuses on portraying moments where celebrities, public figures, or those
associated with them (like Barron Trump) are depicted as skillfully and often humorously
defending themselves or their values against what are presented as unfair attacks, biased
questions, or disrespectful behavior from liberal media personalities or figures aligned with
liberal ideologies. The titles emphasize a sense of victory and shock, highlighting the
figure's ability to "destroy," "shut down," or leave their opponents "speechless." There's
also an element of "us vs. them," suggesting that the audience is meant to identify with the
celebrity/public figure and celebrate their supposed victory over the perceived liberal elite.

Here are some examples:

"Melania Trump Hilariously DESTROYS Liberal TV Host on LIVE, Her Response Left
Everyone Speechless"

"Elon Musk DESTROYS CNN Reporter After Being Asked This RIDICULOUS Question!"

"Barron Trump STUNS the Nation With His FIRST-EVER Speech - Standing Ovation &
Viral Moment!"

"Clint Eastwood's 2024 Oscar Speech Goes Viral || Hollywood Has Lost Its Soul"
"Jackie Chan Shutting Down Disrespectful Interviewer"

¢) Generated by Gemini - Temperature: 1.0

A Little Girl Asks Trump About God His Response Brings
Her To Tears_zMbfnMip2Mk

Properties

= created_date 2025-02-06 16:07:45+00:00

= title A Little Girl Asks Trump About God - His Response Brings Her To Tears!
— data_idx 0
~> aliases 0

-+ Add property

About

Type: #video

Title: "A Little Girl Asks Trump About God - His Response Brings Her To Tears!"
Channel: Unscripted Stories

Topic: 6_God Little Brings Girl

People: Donald Trump

A Little Girl Asks Trump Aijt God — His'ResponseBrings Her-To Tears!
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Anti-Radicalisation Work

1oFEC

Who is the most successful at spreading hate, and MAKING SPACE FUR HATE
why? ’

A collaborative project with HOPE not hate that IDENTIFY'NG RAD CAI.ISERSN
FAR-RIGHT CHAT GROUPS ON TELEGRAM

develops a scalable method to pinpoint the most
influential spreaders of far-right hate and extremist
narratives on Telegram.

\ ///

Using over 3 million messages from 12 public chats,
combined with deep-learning text classification and
behavioural scoring, the study shows how exposure
to specific hate topics significantly increases the
likelihood that users later express the same ideas.

The work identifies two key radicaliser roles:
“influencers”, who weave multiple racist and
conspiracist narratives into compelling narrative
frames, and “reinforcers”, often high-volume
organisers or admins who normalise and entrench
extremist worldviews over time.

The resulting framework provides practical,
actionable insights for platforms and monitoring
organisations seeking to understand extremist
ecosystems, prioritise action against high-risk actors
and design targeted interventions against online

. . f . . Patrik Hermansson, Dr James Allen-Robertson, Mustafa Ahmad
radicalisation and violent extremism. septaie: to2s

Complex Data | Machine Learning | Method Innovation

Read the report



https://hopenothate.org.uk/2023/09/27/making-space-for-hate/
https://hopenothate.org.uk/2023/09/27/making-space-for-hate/
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Publishing
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My book, Digital Culture Industry (2013, Palgrave
Macmillan) is a public facing story driven piece
focusing on the key actors and decisions of the

il
Digital Cult
hidden infrastructures, piracy networks and I“d“Stry
hacker cultures behind platforms like Napster,

MP3.com, The Pirate Bay and BitTorrent. n History ﬂf nlﬂltal Distrihution N

By examining individual stories the book shows how s
the unintended consequences of technical design, "

legal wording and personal choices intersect to have
monumental social repercussions.

The books show how code, protocol design and
rights management transformed our relationship to
media ownership and access, laying the
groundwork for our contemporary age of media
streaming.

by
N

| am also being contracted to write a second
book on the ideological history of tech culture
and the far-right by Bristol University Press, to

be published in 2027. James Allen-Robertson iﬁf

- £

Research | Storytelling| Science & Technology Studies (STS)



Publishing

My academic work has focussed primarily on the
intersection of technology, culture, politics and power. How
each of these things interacts with the other. The kinds of
topics | have published on include:

- How ideas move through the internet and take form.

- How encryption technology formed the basis of alliance
between tech companies and activists.

- How software design shapes our understanding of
media content.

- How activists used visual media to reframe and manage
their offline campaigns and the blurring of online and
offline activism.

- How social media facilitated polarisation in anti-
vaccination debates.

- The possibilities of using unconventional data sources to
identify patterns in human rights violations in business.

Methodologically | push the boundaries of social science
research, developing innovative new methods through data
science techniques to address specific questions and
research needs, whilst always aiming to elevate and
prioritise human interpretation at each step.
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Teaching

A: All Rabbits
. B: All Astronauts
Data Science
D: Balanced but more rabbit
E: Mentions neither
o
1 ~_.|
| have significant experience designing and
delivering courses in programming and data £ 0.5 0
science methods, designed specifically for people % 1 e
. . . L D
with no prior experience. PR
2
] 0 )
| have successfully trained years of student 0 3 %,
cohorts in Python programming and data science *
techniques, beginning with fundamental skills of L
exploratory data analysis and visualisation, Fabbit > N
moving on to more complex text mining and .
network analysis techniques alongside web
scraping and API based data collection
| design my courses to be highly structured with
SUbStant!aI $upport, bUt aISO funa In]eCtlng labels = ["A: All Rabbits","B: A1l Astronauts","C: Balanced","D: Balanced but m
perSOnallty into the process through funny main_features = example_vectors.loc[:, ['rabbits', 'astronauts','space']]
: main_features['labels'] = labels
examples, unusual datasets, and question pnin features['marker size'] = 16
oriented tasks dGSlgned to get students to think in main_features|['text'] = example_texts
terms of questions with methods as the toolkit by main_features
which to answer them.
rabbits astronauts space labels marker_size text E
0 4 0 1 A:All Rabbits 10 i':i%‘:éigglz‘f’;g:’rgﬂ o
’
: i V
B: All Ast t
1o C aromas To e e s
2 2 2 1 C: Balanced 10 were about rabbits,
and...
Q|thUbC0m/M|nva”/SC207 2023'24 D: Balanced b This sentence talks
= - 3 3 2 o - ?n?)r:ﬁabt;]i: 10 about rabbits mostly
becau...
. A This sentence has had
4 0 0 1 Slar i 10 enough of the nonsense

neither a..

Instruction | Digital Methods | Upskilling | Mentorship

Next steps: (: New interactive sheet :)



https://github.com/Minyall/sc207_2023-24
https://github.com/Minyall/sc207_2023-24

Thank You
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